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@ np.append()

@ np.column_stack()
® np.row_stack()
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® np.concatenate()
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@ StandardScaler
@ PolynomialFeatures
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@ Ridge
® MinMaxScaler
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@ fit() + predict()
@ fit() + transform()
® fit() + score()
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@ PolynomialFeatures
@ StandardScaler

® Ridge

@ Lasso
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test_array = np.array([1,2,3,4])

test_array = test_array.reshape(2, 2)
print(test_array.shape)
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np.array([1,2,3,4]).reshape(2, 3)
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print(model.predict([[50]]))
print(model.predict([[100]]))
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1r = LinearRegression()
Ir.fit(train_input, train_target)
print(lr.coef_, lr.intercept_)
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train_poly = np.column_stack((train_input ** 2, train_input))
# train_input.shape = (42, 1)
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® ZA =1.01 + 21.6 + 116.05
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import pandas as pd
df = pd.read_csv('https://bit.ly/perch_csv_data")
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ss.fit(train_poly)
train_scaled = ss.transform(train_poly)
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poly = PolynomialFeatures(include_bias=False)
poly.fit([[2, 3]])
print(poly.transform([[2, 3]]))
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print(np.sum(lasso.coef_ == 0))
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83. CtZ T E H¥ = train_poly2| shape=?
poly = PolynomialFeatures(degree=2, include_bias=False)
poly.fit(train_input) # train_input.shape = (42, 3)
train_poly = poly.transform(train_input)
print(train_poly.shape)
@ 42, 3)
@ (42, 6)
® (42,9
@ (42, 10)
® (42, 12)
84. get_feature_names_out() HAE9| A&7
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alpha=0.001 » &% 0.99, HAE 0.85
alpha=0.1 » &3 0.99, E|AE 0.98
alpha=100 » =% 0.80, E|AE 0.79
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91. Ot ZEO0M SHE 4 =AMF 1E2AR.
7F. lr.predict([[50**2, 50]])
Lt. 1r.fit(train_poly, train_target)
Ct. 1r = LinearRegression()
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93. Ridge?} LassoS YELESI= SHE IE=?
@ from sklearn.preprocessing import Ridge, Lasso
@ from sklearn.linear_model import Ridge, Lasso
® from sklearn.neighbors import Ridge, Lasso
@ from sklearn.metrics import Ridge, Lasso

® import Ridge, Lasso
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97. 0|0| M=l KNeighborsRegressor Z{H| knrQ| 0|2 =& 50|A 322 HF = SHIE AE=?
@ knr = KNeighborsRegressor(n_neighbors=3)
@ knrset_neighbors(3)
® knr.n_neighbors = 3
@ knrupdate(n_neighbors=3)
® knrk =3

98. Lte ZEOAM marker="D'?t marker="~'= 22} 2AS HA|SH7| 5 AH EI}A=71?
plt.scatter(train_input[indexes], train_target[indexes], marker='D")
plt.scatter(50, 1033, marker=""")
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99. CtE T E 0 A Lasso(alpha=alpha, max_iter=10000)2 2 max_iterE 1000022 HH%t 0| F=7?
for alpha in [0.001, ©.01, 0.1, 1, 10, 100]:
lasso = Lasso(alpha=alpha, max_iter=10000)
lasso.fit(train_scaled, train_target)
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# 222 np.column_stack((train_input**2, train_input))2 2 BFE train_poly® ETH
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[6H4] reshape() HIME= HiEO| 27|E HIYF£ H0t0| 7|50|Ct A 7|7t B MZ22 HiES Hhetst
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7| sl Ao|ct.

17H HE @
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321 FEh @
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4081 HE:
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[BHAd] 4712 RAE 2x2=42 MH|ESIEZ A =7t LX|BICE 2 shapes (2, 2)7F EICE WXl =
2t0|E 110 S Lot oK E AH&St ULt
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[612] train_polyZt [Z20]2, Z0|] =MZ FHERCDZ, A HRY A 1.012 2020, & HWY A= -
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